
 

 

 

EDI WORKING PAPER SERIES  

 

BUSINESS-TO-

BUSINESS 

INFORMATION 

SHARING: 

Empirical Evidence from Lagos Trader 
Networks 
 

Morgan Hardy* 

New York University 

Abu Dhabi 

Shelby Grossman† 

Standford University 

Meredith Startz‡ 

Dartmouth College 

March  2021

 



Business-to-business Information Sharing: Empirical Evidence from Lagos Trader Networks 

© Economic Development & Institutions  2 

Abstract  
Information barriers can prohibit trade. This paper empirically documents the existence of 

business-to-business information sharing between small firm traders in Lagos, Nigeria. 

Sharing information about availability of new products and styles is more common than sharing 

information about actual suppliers (introduction, pricing, and problems). Traders are more 

likely to share information with those closer to them geographically and in characteristics 

(experience, product type). However, traders report concerns about competition (as well as 

the usefulness of information) as key barriers to sharing. Relationships are almost always 

bidirectional. However, traders report altruism and societal pressure as key reasons for 

sharing over any interpersonal reciprocity, with almost no traders mentioning spot payments. 

Business size is negatively associated with information sharing in this context. Future research 

that more rigorously explores the determinants of trade information diffusion may be fruitful in 

cost effective mitigation strategies to improve trade flows for small firm owners. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



Business-to-business Information Sharing: Empirical Evidence from Lagos Trader Networks 

© Economic Development & Institutions  3 

JEL Classifications: I18, I12, J65, O12, D91 Keywords: Search Costs, Moral Hazard, Trade, 

Travel, Importers, Nigeria, Networks 

 

* Morgan: New York University Abu Dhabi (morgan.hardy@nyu.edu), Grossman: Stanford University 

(Shelby.grossman@stanford.edu), Startz: Dartmouth College (meredith.l.startz@dartmouth.edu). This paper was 

made possible by exceptional field research assistance from Hakeem Bishi, Yemi Ogundare, Samuel Adesanya, 

and the Lagos Trader Project enumerator team. Excellent research analysis and writing assistance was provided 

by Seongyoon Kim. We gratefully acknowledge funding by the Private Enterprise Development in Low-Income 

Countries (PEDL) and Economic Development and Institutions (EDI) research programs. Fieldwork received 

ethical approval from the University of Memphis (protocol PRO-FY2018-702). All errors are our own. 

 

 

 

 

 

 

About Economic Development & Institutions 
Institutions matter for growth and inclusive development. But despite increasing awareness of the 
importance of institutions on economic outcomes, there is little evidence on how positive institutional 
change can be achieved. The Economic Development and Institutions – EDI – research programme 
aims to fill this knowledge gap by working with some of the finest economic thinkers and social 
scientists across the globe. 
 
The programme was launched in 2015 and will run until 2022. It is made up of four 
parallel research activities: path-finding papers, institutional diagnostic, 
coordinated randomised control trials, and case studies. The programme is funded 
with UK aid from the UK government. For more information see 
http://edi.opml.co.uk.  

 

mailto:morgan.hardy@nyu.edu
mailto:Shelby.grossman@stanford.edu
mailto:meredith.l.startz@dartmouth.edu
http://edi.opml.co.uk/


1 Introduction

Information problems contribute to trade costs. This idea is not a new one. Shared language

or the quality of legal institutions are often included in gravity model estimates1. A

myriad of empirical studies document incomplete information as a source of such costs in

developing countries, introducing better information technology to reduce price variation

across regions ( Jensen (2007), Aker (2010); Allen (2014), Steinwender (2014)). A smaller

piece of the literature shows relationshisps between communication and aggregate trade

flows (Cristea (2011) and Poole et al. (2010), Portes and Rey (2005)). Most recently, Startz

(2017) provides micro-empirical evidence, using a structural model to demonstrate very

large informational barriers to trade for small firm traders in Lagos, Nigeria.

When does it make sense for a business that has gained private information about a

supplier or product to share that information, and with whom? Whether and when informal

institutions (such as peer-to-peer network structures) help to resolve these information fric-

tions is an open question within the literature. Previous studies of peer-to-peer information

sharing have analyzed spillover effects of managerial practices and business information

when network links are exogenously generated (Fafchamps and Quinn (2013), Cai and

Szeidl (2018)), and documented evidence that social learning occurs with technologies in

agriculture (Foster and Rosenzweig (1995), Conley and Udry (2010), Munshi (2004), Bandiera

and Rasul (2006)). However, in non-agricultural sectors, Hardy et al. (2015) and Cai and

Szeidl (2018) provide evidence of strategic considerations in information sharing about new

technologies and business opportunities. Our paper adds to this literature with the focus on

a new type of information sharing, related to trade.

This paper is the first to empirically focus on within-industry peer network interactions

that may ease informational barriers to trade. We collect self-reported networks data as

part of the third round of the Lagos Traders Survey, a panel of small firm traders in Lagos

markets following (Grossman and Honig (2017) and Startz (2017)). In our sample, we track

722 traders, who were part of a census of randomly sampled commercial traders. The data

consists of the business characteristics of these small trading firms, qualifiers describing

their transactions (on a transaction level), as well as the types of network interactions these

traders have, along with frequency and degree of these networks. We also ask respondents

to delineate characteristics of the other traders who they interact with and qualify the

interactions using our survey module. Finally, we ask them to self-report reasons why they

choose to interact when they do and reasons why they choose not interact with others.

We find that trade-related information sharing exists, but is far from universal. Although

1For a review of this literature, see Anderson and Wincoop (2004)

2



the proportion of our sample that engages in business-to-business trade-related information

sharing is not too high, these interactions are as common as most other types of business-

to-business interactions, and are similar in the frequency and degree (number of traders

discussed with) as well. These network relationships are more likely between traders in

similar product specialities and with similar levels of experience . They are also more

likely between traders in the same market. Trade-related network relationships are almost

always reciprocal, suggesting a tit-for-tat enforcement mechanism. However, firm owners

that engage in these relationships report altruistic and societal motivations at much higher

rates than interpersonal ones. Self-reported barriers to interaction include concerns about

competition and the usefulness of information available via peers.

Additionally, business size positively predicts travel (Startz (2017)), while it negatively

predicts information sharing. This suggests that the monetary costs of travel that may

prohibit this trade-barrier solution for smaller businesses may not hold those same small

businesses back for the (non-monetary cost) information sharing behavior, which may act as

a substitute for travel in solving similar information constraints to trade. Overall, relative

to the propensity to travel as a means to ease these information costs (as studied in Startz

(2017)), the sharing of information about newly available products and styles is about as

common and frequent. However, network interactions related to information about specific

suppliers (introductions, pricing, problems) occurs far less. While the former suggests

that information sharing may be a viable way for traders to gather information about new

products, the latter suggests that it is unlikely to serve a similar function for relational

contract enforcement with suppliers. If traders shared information about suppliers regularly,

then public reputations could develop that could motivate good behavior and substitute for

formal contract enforcement or other costly enforcement mechanisms. This does not appear

to be the case, which suggests there remain barriers to informal institutional solutions to

trade frictions in the existing market context. This opens the way for possible interventions

that can ease barriers to and usefulness of business-to-business information sharing toward

easing trade frictions in this context.

2 Context and Project Background

We observe traders operating in Lagos, Nigeria. These traders import consumer goods

from various source countries from all corners of the earth. Lagos is the commercial capital

of Nigeria, one of the most populated and commercialized economies in Africa. These

traders import products that are usually not produced domestically - manufactured goods

in apparel, homewares, hardware, electronics, and beauty products. In fact, the National

Bureau of Statistics in 2013 revealed that the wholesale and retail trade sector is the second
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largest component of GDP after agriculture. Therefore, understanding these small local

traders in Lagos, Nigeria helps us gain a better understanding of the local markets and

understand the trading sectors’ effects on consumer welfare.

These traders purchase and sell goods without effective formal contract enforcement

institutions, which expose them to the risk of moral hazard concerns in importing arrange-

ments. Startz (2017) documents that these traders travel in order to find new products and

conduct spot transactions with foreign suppliers in order to avoid the contract enforcement

problem. In the Lagos Trader Survey (details below), we trace traders who purchase both

domestically and internationally. We collect information that resembles official customs data

with a new set of variables that describe their business transactions, which will be explained

further in the following section.

In this context, market associations are one of the primary institutions governing the

business environment in which traders operate. However, we find that few infractions

are reported to fellow traders or market associations, and market associations do not

appear to play a coordinating role in sharing information with traders or helping to enforce

agreements with suppliers. Grossman and Honig (2017) estimates that less than half

of market associations share information with traders about opportunistic customers –

customers who buy on credit and do not repay.

3 Data

The traders in our sample were identified through a census of commercial areas of Lagos

conducted between October 204 and April 2015. Beginning with a list of markets and

plazas, we add a number of market areas located on government-owned land. Our sample

excludes residential and manufacturing areas, as well as traditional markets, which are

predominantly made up of small retail vendors that sell food and household items.

As part of the Lagos Trader Survey, we collect three rounds of data, collected in 2015,

2016, and 2018. In each round, we ask traders about their a) business characteristics, b)

business travel, c) typical business trips, d) domestic and international suppliers, and e)

other business practices.

As part of a) business characteristics, respondents answered questions regarding the

products they sell, the labor composition of the business, business tenure of the owner

and business tenure in the market/plaza they currently operate in, whether they import,

whether they travel, and number of orders. As part of b) business travel, we document the

countries they travel to, and how much they purchase and when. We also collect information

on c) typical business trips, including duration of trips, costs, and number of suppliers met;

d) questions regarding suppliers include how long the respondent has known the supplier,

4



percentage of defects, average price, and payment method; and e) other business practices

include financing methods, assets, and business liquidity.

In addition, in the third wave of data collection, we ask respondents about their in-

teractions with other traders in the sample. We ask about topics that they discuss with

other traders along with other types of interactions. For each of 17 different types of

interaction that we identify, we ask them about the frequency of interaction (measured by

the number of months interacted in a calendar year), the number of traders they interact

with, characteristics of traders they interact with, whether they gave or received in these

interactions, and finally self-reported reasons why they engaged in these network interac-

tions and self-reported reasons why they chose not to engage. In this paper, we report the

results for these 722 traders who were part of our Wave 3 survey. The summary statistics

of the traders in our sample are shown in Table 1: the average trader in the sample is a

39.7 year old male who sells 6.23 different products. More than half of the sample deal

in apparel, while the remainder deal in a variety other product types such as electronics,

beauty products, hardware, and homewares. The majority of them sell wholesale and have

very few, if any, employees. More than half of the sample imports, and of those that do, over

half travel as part of their importing business.

Of the 1179 traders in the previous round of survey, we have a response rate of 61%

from our baseline sample. In other words, this is a combined attrition rate from two survey

rounds after the baseline survey. Table A2 shows differences between respondents and non-

respondents. The respondents that we were able to reach and survey were 2 years older, and

were less likely to sell apparel. In addition, the sample we were able to reach were comprised

of slightly more men, had slightly more paid employees, and captures more importers. In

the second round, we follow up on all importers and a random sample of non-importers.

This may be the driving cause of the imbalance on gender, age, and wholesales, which

are all correlated with importing (Startz (2017)). Other baseline characteristics between

those surveyed and not surveyed show no differences, while the F-test of joint significance

yields a p-value of 0.0002, which means that we reject the hypothesis that these business

characteristics are all jointly insignificant. Table A3 reports the same information for the

sample of importers. Within the subset of importers, we see no differences in wholesale as a

business characteristic, and we fail to reject the claim that these characteristics are jointly

insignificant at the 90% confidence level.

4 Results

Figure 1 shows the proportion of the sample that engages in various network activities. The

search-related (sharing information about newly available products and styles, introductions
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to new suppliers, and sharing information about supplier pricing) and moral hazard-related

(sharing information about supplier problems) trade interactions do exist in the sample, but

the levels are relatively low. About 10% of our sample discusses supplier prices, supplier

problems, or introduces suppliers or agents, while slightly over 30% of the sample discusses

the availability of new products. For those that do interact with regards to trade, they

interact an average of 2 months per year with roughly 5 other traders on average. The

exception here is that traders rarely travel with other traders, and when they do, they don’t

travel with many other traders. From subfigure a), it is clear that most of interactions

occur less than traveling. Only the discussions of the availability of new products and

styles happens with more of the sample than travel. Appendix Table A1 shows that 27%

of the sample travels, which is more common than most of the search-related and moral

hazard-related trade interactions. Appendix Figure A1 shows these results for the set of

importers. Results are similar and are comparable with the results of Figure 1. Notably,

when analyzing the set of importers, we see that search-related and moral hazard-related

network interactions happen less than travel, despite the costliness of travel. Degree and

frequency of network interactions remain quite similar to those of the full sample

Figure 2 characterizes these network interactions. The subfigures show that interactions

are bidirectional and occur between traders who are geographically close to each other.

Furthermore, the majority of the interactions occur between homophilic relationships -

traders are more likely to interact with those similarly experienced and those that sell

similar products.

Finally, Figure 3 reveals why traders choose not to interact with others, and reveals why

traders do choose to interact with others. Barriers to network interaction is mainly due to the

fact that they see no value in the interaction (or they believe that the other party would find

it useless) and potential competition between traders, which may lead to businesses being

hurt. The costliness of the interaction isn’t reported to be major concerns for these traders.

As for reasons why these traders choose to engage in network activities, traders choose

to interact with others for mainly altruistic and societal reasons. These societal reasons

include doing it for kindness, to fulfill religious or social obligations, or the fear of being

viewed unfavorably by peers, while altruistic reasons are simply to be nice and helpful.

Cash considerations and relational considerations are extremely rare. These findings are

reiterated with the subset of the sample that import from abroad in the appendix. We find

similar patterns, and no differences between importers and non-importers.

Tables 2 shows regressions that look at whether baseline characteristics predict network

outcomes in levels. It seems that traders with more workers are less likely to discuss prices

paid to suppliers and availability of new products. Furthermore, it seems that female traders
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discuss supplier prices more often. They also discuss this issue more often, but not with

any more individuals.

Finally, in the appendix figure A6, we describe the distribution of the respondents’

level of worry when it comes to competing with other traders. We also describe the same

distributions for the level of worry with regards to sharing private information with other

traders. Overall, we see that traders are quite concerned about competition and sharing

information. The further the traders are, the less worried respondents are; meanwhile,

traders are more concerned about information sharing than they are with losing their

customers to other traders. This might be driven by the fact that they seem demand as

stochastic windfalls, where as information sharing may be perceived as a potential way to

gain a strategic edge over their competition.

5 Conclusion

Business-to-business information sharing is a potential mitigation technique to overcome

informational barriers to trade. Particularly for small firm traders such as those in the Lagos

Trader Survey, this type of interpersonal or socially coordinated approach to easing search

and moral hazard constraints may unlock trade access for those who cannot afford the more

costly option of travelling to source countries. This paper provides the first evidence for

the existence of trade-related information sharing between business owners in low-income

countries. Further research is needed to unpack the potential of these business-to-business

information sharing relationships to ease information frictions in trade.
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Figure 1: Owner-reported Network Activity

This figure visualizes self-reported network membership, interaction frequency, and size
(degree). Subfigure A reports the proportion of the sample reporting each type of network
interaction. Subfigure B reports the reported frequency of each interaction for the subset of the
sample that reported it. Subfigure C reports the number of network contacts of each interaction type
for the subset of the sample that reported it. Subfigure D reports the number of network contacts of
each type for the full sample, including those with none.
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Figure 2: Trade-related Information Sharing by Direction, Distance, Homophily

This figure visualizes self-reported network membership by various qualifiers of interac-
tions. Subfigure A reports the proportion of the sample reporting each type of network interaction
by whether they give, receive, or give and receive in transactions.Subfigure B reports the proportion
of the sample reporting each type of network interaction by trading shop geographic proximity.
Subfigure C reports the proportion of the sample reporting network interactions by the experience
levels of those who they interact with. Subfigure D reports the proportion of the sample reporting
network interactions by homophily in product types.
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Figure 3: Reasons For and Against Information Sharing
This figure shows self-reported reasons why traders chose to interact or chose not to interact with
other traders. Subfigure A shows self-reported reasons why they may not engage in certain network
activities. Each bar represents the proportion of the sample that revealed one of these categories to
be a potential barrier. ’Cost’ indicates either because interacting is costly and difficult or because they
don’t pay for certain information. ’No value’ refers to the possibilities where respondents believe
that the interaction is not helpful, or they believe that other traders are not interested. ’Competition’
refers to the scenarios were respondents believe that interacting with other traders would hurt their
business and refuse to interact with ’competitors’. Subfigure B shows reasons why respondents
choose to engage in network activities. ’Cash’ refers to respondents engaging in certain activities
for dash money or commission. ’Societal’ reasons are for kindness, solidarity, religious or social
obligation, or the fear of being viewed unfavorably. ’Relational’ reasons include repaying a favor,
interacting for future favors, professional obligation to former masters, or to gain political favors.
’Altruism’ refers to respondents trying to be kind to others.
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Table 1: Sample Summary Statistics

Table 1 shows baseline summary statistics of traders in the sample. Missing counts for
age of respondent reflect respondents who refused to answer the question. Igbo is the predominant
ethnicity amongst the traders in our sample. Proportion of traders that travel are conditional on
them importing from outside Nigeria. Selling a particular product type, or being a wholesale trader
is a dummy that takes the value of 1 if true.

count mean sd min max

Age of Respondent 681 39.66 8.88 19 80

Male 722 0.74 0.44 0 1

Sells Apparel 722 0.55 0.50 0 1

Sells Electronics 722 0.12 0.33 0 1

Sells Beauty Products 722 0.12 0.33 0 1

Sells hardware 722 0.13 0.34 0 1

Sells homeware 722 0.11 0.31 0 1

Wholesale Traders 722 0.76 0.43 0 1

Paid Employees 722 0.54 0.86 0 8

Unpaid Employees 722 0.32 0.73 0 8

Number of Products 722 6.14 10.19 1 150

Trader Imports 722 0.55 0.50 0 1

Trader Travels (when Importing) 722 0.27 0.44 0 1
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Table 2: Predictors of Information Sharing and Travel
Table 2 shows regressions of basic trader characteristics on binary network outcomes of interest.
These outcome variables are 1 if these traders engage in the network interaction, 0 if otherwise.
40.7% of the sample engages in 1 of the 4 network outcomes of interest, while 19.4% of the sample
engages in travel to conduct trading business.

(1) (2) (3) (4)

Any Network Any Network Travel Travel

size -0.0166* -0.0158* 0.0500*** 0.0518***

(0.01) (0.01) (0.01) (0.01)

businessage -0.000958 -0.000485 -0.00234 -0.00182

(0.00) (0.00) (0.00) (0.00)

male -0.0319 -0.0235 -0.0382 -0.0160

(0.04) (0.05) (0.04) (0.03)

igbo 0.00499 0.0225 -0.0457 -0.00509

(0.04) (0.05) (0.04) (0.04)

Product Controls No Yes No Yes

N 722 722 722 722

Standard errors in parentheses

* p<0.1, ** p<0.05, *** p<0.01
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A Appendix

Figure A1: Owner-reported Network Activity - Importers

This figure visualizes self-reported network membership, interaction frequency, and size
(degree). Subfigure A reports the proportion of importers reporting each type of network interaction.
Subfigure B reports the reported frequency of each interaction for the subset of importers that
reported it. Subfigure C reports the number of network contacts of each interaction type for the
subset of importers that reported it. Subfigure D reports the number of network contacts of each
type for importer, including those with none.
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(b) Conditional Frequency
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(c) Conditional Degree
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Figure A2: Network Activity by Direction, Distance, Homophily

This figure visualizes self-reported network membership by various qualifiers of interac-
tions. Subfigure A reports the proportion of the sample reporting each type of network interaction
by whether they give, receive, or give and receive in transactions.Subfigure B reports the proportion
of the sample reporting each type of network interaction by trading shop geographic proximity.
Subfigure C reports the proportion of the sample reporting network interactions by the experience
levels of those who they interact with. Subfigure D reports the proportion of the sample reporting
network interactions by homophily in product types.
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Figure A3: Network Activity by Direction, Distance, Homophily - Importers

This figure visualizes self-reported network membership by various qualifiers of interac-
tions for the importers of our sample. Subfigure A reports the proportion of importers reporting
each type of network interaction by whether they give, receive, or give and receive in transac-
tions.Subfigure B reports the proportion of importers reporting each type of network interaction
by trading shop geographic proximity. Subfigure C reports the proportion of importers reporting
network interactions by the experience levels of those who they interact with. Subfigure D reports
the proportion of importers reporting network interactions by homophily in product types.
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Figure A4: Reasons For and Against Network Interactions
This figure shows self-reported reasons why traders chose to interact or chose not to interact with
other traders. Subfigure A shows self-reported reasons why they may not engage in certain network
activities. Each bar represents the proportion of the sample that revealed one of these categories to
be a potential barrier. ’Cost’ indicates either because interacting is costly and difficult or because they
don’t pay for certain information. ’No value’ refers to the possibilities where respondents believe
that the interaction is not helpful, or they believe that other traders are not interested. ’Competition’
refers to the scenarios were respondents believe that interacting with other traders would hurt their
business and refuse to interact with ’competitors’. Subfigure B shows reasons why respondents
choose to engage in network activities. ’Cash’ refers to respondents engaging in certain activities
for dash money or commission. ’Societal’ reasons are for kindness, solidarity, religious or social
obligation, or the fear of being viewed unfavorably. ’Relational’ reasons include repaying a favor,
interacting for future favors, professional obligation to former masters, or to gain political favors.
’Altruism’ refers to respondents trying to be kind to others.
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Figure A5: Reasons For and Against Network Interactions - Importers
This figure shows self-reported reasons why importers chose to interact or chose not to interact
with other traders. Subfigure A shows self-reported reasons why importers may not engage in
certain network activities. Each bar represents the proportion of importers that revealed one of
these categories to be a potential barrier. ’Cost’ indicates either because interacting is costly and
difficult or because they don’t pay for certain information. ’No value’ refers to the possibilities
where respondents believe that the interaction is not helpful, or they believe that other traders are
not interested. ’Competition’ refers to the scenarios were respondents believe that interacting with
other traders would hurt their business and refuse to interact with ’competitors’. Subfigure B shows
reasons why importers choose to engage in network activities. ’Cash’ refers to respondents engaging
in certain activities for dash money or commission. ’Societal’ reasons are for kindness, solidarity,
religious or social obligation, or the fear of being viewed unfavorably. ’Relational’ reasons include
repaying a favor, interacting for future favors, professional obligation to former masters, or to gain
political favors. ’Altruism’ refers to respondents trying to be kind to others.
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Figure A6: Competition and Information Sharing Worries by Distance
This figure shows the distribution of self-reported levels of worry when it comes to competition to
secure customers and sharing business information with traders at different geographic distances.
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Table A1: Attrition Table
Table 5 shows the results of a two-sample difference test, between those that were sampled for this
round of data collection and not.

(1)

Mean(Sampled) Mean(Not Sampled) Diff. Std. Error Obs.

Age of Respondent 39.66 37.66 -2.00
∗∗∗

0.54 1111

Male 0.74 0.68 -0.05
∗

0.03 1179

Sells Apparel 0.55 0.61 0.06
∗∗

0.03 1179

Sells Electronics 0.12 0.12 0.00 0.02 1179

Sells Beauty Products 0.12 0.13 0.00 0.02 1179

Sells hardware 0.13 0.10 -0.03 0.02 1179

Sells homeware 0.11 0.14 0.03 0.02 1179

Wholesale Traders 0.76 0.68 -0.08
∗∗∗

0.03 1179

Paid Employees 0.54 0.45 -0.09
∗

0.05 1179

Unpaid Employees 0.32 0.27 -0.05 0.04 1179

Number of Products 6.14 5.26 -0.88 0.55 1179

Trader Imports 0.55 0.49 -0.05
∗

0.03 1179

Trader Travels (when Importing) 0.27 0.23 -0.04 0.03 1179

F-Test of Joint Significance (pvalue): 0.0002

Table A2: Attrition Table - Importers
Table 6 shows the results of a two-sample difference test, between importers that were sampled for
this round of data collection and not.

(1)

Mean(Sampled) Mean(Not Sampled) Diff. Std. Error Obs.

Age of Respondent 39.31 37.66 -1.64
∗∗

0.76 575

Male 0.77 0.70 -0.07
∗∗

0.04 620

Sells Apparel 0.65 0.72 0.07
∗

0.04 620

Sells Electronics 0.14 0.10 -0.03 0.03 620

Sells Beauty Products 0.10 0.11 0.01 0.03 620

Sells hardware 0.10 0.10 -0.00 0.02 620

Sells homeware 0.10 0.11 0.01 0.03 620

Wholesale Traders 0.84 0.83 -0.02 0.03 620

Paid Employees 0.65 0.56 -0.09 0.08 620

Unpaid Employees 0.37 0.34 -0.04 0.06 620

Number of Products 5.85 4.77 -1.08 0.70 620

Trader Travels (when Importing) 0.49 0.47 -0.02 0.04 620

F-Test of Joint Significance (pvalue): 0.1599
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Table A3: Sample Summary Statistics - Importers

Table 1 shows baseline summary statistics of importers in the sample. Missing counts for
age of respondent reflect respondents who refused to answer the question. Igbo is the predominant
ethnicity amongst the traders in our sample. Proportion of traders that travel are conditional on
them importing from outside Nigeria. Selling a particular product type, or being a wholesale trader
is a dummy that takes the value of 1 if true.

count mean sd min max

Age of Respondent 367 39.31 8.56 22 70

Male 395 0.77 0.42 0 1

Sells Apparel 395 0.65 0.48 0 1

Sells Electronics 395 0.14 0.34 0 1

Sells Beauty Products 395 0.10 0.30 0 1

Sells hardware 395 0.10 0.30 0 1

Sells homeware 395 0.10 0.30 0 1

Wholesale Traders 395 0.84 0.36 0 1

Paid Employees 395 0.65 0.95 0 8

Unpaid Employees 395 0.37 0.72 0 4

Number of Products 395 5.85 9.49 1 100

Trader Travels (when Importing) 395 0.49 0.50 0 1
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